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Abstract 
 
In the present research, four meta-heuristic algorithms named Genetic Algorithm (GA), Gravitational Search Algorithm (GSA), 
Particle Swarm Optimization (PSO), and Artificial Bee Colony (ABC) have been used for optimal design of cascade spillway to 
minimize the construction cost. Usually, the traditional design methods such as Vittal and Porey (VP) method or experimental 
modeling are used to solve this problem leading to infeasible or near optimal solution. The main novelty of this paper is to use 
effective methods to solve this complex highly constrained problem. Therefore, due to unique features of meta-heuristic algorithms, 
these algorithms are used here to minimize the construction cost of cascade spillway as the energy dissipater structure. As the case 
study, cascade spillway of Tehri dam in India had been chosen. The algorithms results have been compared together and with the 
VP results. Comparison of the results show the effectiveness and affectivity of these algorithms to solve this optimization problem. 
In other words, when three-stepped spillway are considered, the results are improved with 16.16%, 16.4%,  17.73% and 17.63% 
respectively using GA, GSA, PSO and ABC algorithms and in the same manner, for four-stepped spillway, the results are improved 
14.5%, 16.1%, 16.45% and 16.05% respectively using GA, GSA, PSO and ABC algorithms in comparison with the VP results. 
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1. Introduction 

 
Generally, dams are constructed for different 

purposes such as water storage, hydro-power 
generation, fishing, recreational. Dam’s structure 
consists of different parts in which one of them is an 
energy dissipater structure. Generally, there are 
significant differences between upstream and 
downstream water elevations, and therefore lots of 
potential energy are stored in water. However, a great 
deal amount of this energy should be reduced to 
prevent collapsing downstream structures and other 
problems. In general, energy dissipation can perform 
with some structures such as spillways and stilling 
basins (Bakhtyar et al., 2007). Design and modeling of 
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dams consist of several issues including body, 
reservoir, spillway, power planet, tunnels. Nowadays, 
numerous researches have been done in this field 
using different methods such as experimental 
modeling or structural and hydraulic software 
modeling and design (Buffi et al., 2017; Brown, 2017; 
Castillo and Carillo, 2017; Chen et al., 2018; Wang 
and Jia, 2017; Wang et al., 2019). Here, optimal design 
of stepped spillway is considered and therefore, 
reviewing the other research field for dam modeling is 
not worthful and not presented here to avoid lengthy 
paper. 

The spillway is a hydraulic structure that 
transfers surplus water from upstream to downstream. 
Spillways have different types such as siphon 
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spillway, lateral spillway, Ogee spillway, cascade 
spillway and so on. For large dams, a single spillway 
is not useful to reduce energy. Because of the high 
elevation and fast velocity of flow, Froud Number at 
the toe of spillway chute will be magnified. To solve 
this problem, a hybrid system compounded of some 
stepped spillway and succeeding stilling basin is an 
efficient solution so it can use cascade spillways 
(Vittal and Porey, 1987). It should be noted that most 
of the cascade spillways are design as a prismatic 
section, so they are more economical and have better 
hydraulic performances that the other spillways and 
therefore, it is considered in this research (Bozorg 
Haddad et al., 2005). 

Generally, literature review of different 
spillways such as cascade spillway are divided into 
two main categories, the first category discusses 
hydraulic conditions of spillways and tries to 
maximize the hydraulic performance in order to 
improve the hydraulic characteristics of spillways 
regardless of construction costs. Many research 
including experimental and software modeling and 
hydraulic simulation have been done in this category 
in which some of them are presented below. 

Barani et al. (2005) made a wooden model to 
consider energy dissipation in cascade spillways. This 
model has different forms such as simple stepped, step 
with inverse incline, step with end sill. The results 
indicated that spillways with inverse incline and end 
sill have better energy dissipation than simple 
spillway. The correlation between the steps number 
and energy reduction was investigated by Chinnarasri 
and Wongwises (2006) and Tabari and Tavakoli 
(2016) so what when the steps number decreases the 
energy dissipation increases. As another results, while 
the step heights increase and the flow discharge 
decreases the energy reduction improves. In general, 
for obtaining maximum hydraulic performance, the 
cavitations should be removed. Frizell et al. (2012) 
indicated that cascade spillway is more resistant than 
other spillway and when the slope increases the 
probability of cavitations occurrence reduces. Due to 
this fact, dam designers are encouraged to design and 
use cascade spillway. Shahheydari et al. (2014) have 
considered 112 numerical models for spillway with 
Flow-3D software (96 models for cascade spillways 
and 16 models for simple spillway). The results 
showed that energy dissipation is related to flow 
coefficient so that while flow coefficient increases, the 
rate of energy dissipation decreases. In addition, 
Roushangar et al. (2014) used the Artificial Neural 
Networks (ANNs) and Genetic Expression 
Programming (GEP) to predict energy dissipation for 
the stepped spillway in two different regimes using 
experimental dataset. As finding the dimension and 
final shape of the stepped spillway was the hard task, 
machine learning was a suitable approach to predict 
energy decrease. Furthermore, the energy reduction 
over the stepped spillway was investigated using 
horizontal, inclined, and horizontal curved steps 
(Mero and Mitchel, 2017). As the result, the energy 
dissipation over the inclined and horizontal curved 

steps had the energy reduction two times more than 
the horizontal steps. In addition, three forms of 
breakers such as Over-flow; through-flow and under-
flow breakers were regarded to evaluate the effects on 
the stepped spillway (Aal et al., 2017). The results 
highlighted that the energy dissipation over the 
stepped spillway with breakers had more energy 
reduction in comparison with the classical stepped 
spillway. Finally, Afshoon et al. (2019) used Flow-3D 
software to show the effect of the roughness of the 
steps of spillway on the flow energy. 

The second category is focused on the optimal 
design of spillway. Although, many research have 
been done in the field of hydraulic performance of 
spillways (first category) however, this research is 
focused on the second research category for spillways 
means minimize the construction cost of this structure. 
To design the cascade spillway, this could be modeled 
as an optimization problem and could be solved using 
optimization methods. In general, these methods can 
be categorized as Linear Programming (LP), Non-
Linear Programming (NLP), Dynamic Programming 
(DP) and meta-heuristic algorithm. Each of these 
methods has its advantages and disadvantages. 
Nowadays meta-heuristic algorithms are applied 
frequently to solve optimization models more than 
before based on their unique advantages and therefore, 
they used in this paper (Moeini, 2019). In the 
following, some researches are presented for the 
second category. 

For example, to find an optimal design of 
cascade spillways, Bozorg Haddad et al. (2005) used 
the genetic algorithm (GA) to reduce cascade spillway 
construction costs. The results showed that GA results 
had been improved in comparison with the traditional 
method. Bakhtyar et al. (2007) proposed another 
approach to minimize construction cost of cascade 
spillway. Their decision variables were length and 
height of the cascade spillway, and this problem was 
solved using DP. Comparison of the results of DP and 
Vittal and Porey (VP) method showed that 
construction costs were improved with 31% than VP 
results. Afshar and Daraeikhah (2010) used GA to 
optimize cascade spillway dimensions to satisfy 
topography and hydraulic constraints and reduce its 
construction costs. Finally, they compared GA results 
with VP results. Comparison of the results showed that 
when three-step cascade spillway was considered, GA 
results were improved with 15%, and when four-steps 
cascade spillway was considered, GA results were 
improved with 13.2% than VP results. Furthermore, 
Bozorg Haddad et al. (2010) used honey bee mating 
optimization (HBMO) for selecting the best decision 
variables of the design optimization problem for the 
cascade spillway to reduce cascade construction cost. 
They compared the GA results with HBMO results 
and showed that HBMO results were improved and 
HBMO algorithm were converged to the best solution 
faster than GA’s best solution. In addition, GA and 
Differential Evolution (DE) algorithm were used for 
finding the optimal shape of labyrinth spillways in 
which the construction costs minimization was its 
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objective function (Hosseini et al., 2016). The 
obtained results highlighted that the obtained cost of 
GA and DE algorithm were decreased by 6.6% and 
19.3% the construction costs of a benchmark. 

Reviewing the literature shows only a few 
research have been carried out for optimal design of 
cascade spillway design using effective methods such 
as meta-heuristic algorithms. Therefore, four meta-
heuristic algorithms named GA, GSA, PSO, and ABC 
are used here to solve this optimization problem due 
to unique feature of these algorithms. This unique 
feature was highlighted in many research when these 
algorithms were used to solve different engineering 
optimization problems (Soghrati and Moeini, 2020; 
Elrehim et al., 2019; Garg, 2014, 2015, 2016, 2019; 
Latchoumi et al., 2019; Latif and Saka, 2019; 
Mahanipour and Nezamabadi-pour, 2019; Patwal et 
al., 2018) and therefore, they used these algorithms to 
solve complex optimization problem. 

After presenting the introduction and 
researches history in the first section, in the second 
section, the used methods are explained. In 
continuous, the optimization model is given by 
constraints and objective function definition in the 
third section. In the following, some descriptions of 
the case study are presented in the fourth section. In 
the fifth section, the obtained results are presented and 
compared. Finally, in the sixth section, some 
significant remarks are presented. 
 
2. Materials and method 

 
In the present research, four algorithms named 

GA, GSA, PSO, and ABC are used to solve the 
optimum design of cascade spillway problem 
considering some assumptions. The obtained results 
are compared with VP’s results to validate the 
performance of these algorithms. Therefore, in this 
section, some descriptions are explained about 
assumptions, the VP method and the algorithms.  

 
2.1. Assumptions  

 
Some assumptions have been considered for 

this research. Here a single objective optimization 
problem is defined in which the main objective is to 
minimize the construction cost of cascade spillway 
and other related cost has not been considered. In 
addition, only three and four steps conditions are 
considered in which other conditions lead to infeasible 
solution. Furthermore, probable uncertainty of 
variables such as design discharge was ignored and a 
constant valued has been considered for it. In addition, 
here, cascade spillway was chosen as an energy 
dissipater structure due to its efficient hydraulic 
performance and low construction cost and other 
alternatives have been not investigated. 
 
2.2. Vittal and Porey (VP) method 
 

In this method, at first, the length and height of 
the terminal step of cascade spillway are determined. 

Then, the rest length of the dam is divided to a 
specified number of steps (such as three or four steps) 
that preceding steps with same lengths are formed. 
Finally, the other variables should be calculated, and 
the general shape of the cascade spillway is shaped 
according to Fig.1 (Vittal and Porey, 1987). 

It should be mentioned that in this method, two 
curves should be defined. At first, the Free Jump 
Hydraulic Curve (FJHC) should be defined, then, Tail 
Water-Rating Curve (TWRC) should be defined. 
These two curves can be used for calculating the 
height of terminal step. In this method, using the 
equation of FJHC Fig.2, the height of the terminal step 
(Ht) is calculated as Eq. (1) (Vittal and Porey, 1987): 

 

 (1) 

 
where: ytd is downstream river depth at design flow, g 
is gravitational acceleration and qd is designed flow in 
unit width of the dam. 

In the following, Eqs. (2-3) are obtained to 
design structure considering the Bernoulli’s equation 
for two specified sections, continuous equation and 
Froude number formula. It is worth noting that for 
simplification of Eqs. (2-3), dimensionless parameters 
such as p* and q* are used in which they are described 
in Eqs. (4-5) (Vittal and Porey, 1987): 
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where: Fr1 is Froude number, c is flow coefficient, P 
is the height of the terminal step (or H). In this method, 
q* is calculated using Eq. (5) and therefore, Fr1 can be 
defined using Eq. (6) with try and error method. 

Then, then first hydraulic depth (y1) is 
calculated for the stilling basins of the terminal step 
(Vittal and Porey, 1987): 
 

 (6) 

 

By calculating the first hydraulic jump, the 
conjugate depth can be calculated as Eq. (7) (USBR, 
1985): 
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determining the conjugate depths, length of the 
terminal step’s stilling basin (Lt) can be calculated as 
Eq. (8) (USBR, 1985):  
 

 (8) 

 
 

 
 

Fig. 1. Schematic cascade spillway structure (Vittal and 
Porey, 1987) 

 

 
 

Fig. 2. FJHC and TWRC curves for terminal step 
(Vittal and Porey, 1987) 

 
 

By comparing two curves of Fig.2, the 
maximum difference between the downstream 
elevation and second hydraulic depth (∆zt) is 
determined for perfect hydraulic jump occurrence, and 
therefore the bottom elevation of stilling basin in the 
terminal step should be descended as much as ∆zt. So, 
the modified height of the terminal step is calculated 
as Eq. (9) (Vittal and Porey, 1987): 
 

 (9) 
 

where: Pt is modified height of the terminal step. In 
the following, total head (h0d) can be calculated as Eq. 
(10) at design flow condition (Vittal and Porey, 1987): 

 

 (10) 

 

where: all the parameters were defined before. When 
the total head is calculated, horizontal chute length of 
the terminal step (xt) can be calculated using Eq. (11) 
for ogee spillway (USBR, 1985): 

 

 (11) 

 
In the following, the specified number (N) of 

steps is supposed, and (Eq. 12) is solved to find the 
height of preceding steps by try and error method with 
the combination of FJHC and the Continuity equation 
(Vittal and Porey, 1987): 

 

 

 (12) 
 

where: H0 is the total fall height of flow, and other 
parameters were defined before. By determining Pp, 
this value is replaced instead of P in Eq. (5) and q* is 
calculated for preceding steps.  

Therefore, conjugate depths of the hydraulic 
jump for preceding steps are calculated using Eqs. (6-
7) like the terminal step. In addition, stilling basin 
horizontal length of the preceding step (Lp) can be 
calculated as Eq. (13) (Vittal and Porey, 1987): 
 

 (13) 

 
It is worth noting that summation of stilling 

basin horizontal length of the step and horizontal chute 
length of the step is considered as total horizontal 
length of every step (L’

i). In addition, chute horizontal 
length of the preceding step (xp) is calculated by 
replacing the Pp instead of Pt in Eq. (11). 

Total of preceding stilling basin (∆Zp), is 
calculated using Eqs. (12, 14-15) (Vittal and Porey, 
1987): 
 

 (14) 

 

 

 (15) 
 

Where all the parameters were defined before. 
Finally, the total horizontal length of cascade spillway 
is calculated as Eq. (16) (Vittal and Porey, 1987): 
 

 (16) 

 
It is worth noting that the mentioned process 

should be continued until the total length of cascade 
spillway (L) is less or equal than the allowable length 
(La). (Fig. 3) shows briefly the description of Vittal 
and Porey’s (VP) method. 
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Fig. 3. The summary of the VP method 
 
2.3. Genetic Algorithms (GA) 

 
The genetic algorithms were suggested by 

Holland (1975) which is based on the natural 
evolution of the alive creatures. In other words, GA is 
an evolutionary process that the main base of 
evolution is inheritance. 

In this algorithm, at first, initial population is 
made in which every single chromosome is a solution 
that is named the individual. Then, fitness is assigned 
to every individual due to the objective function of the 
problem in which this fitness subsequently will be 
used to choose superior individual. Generally, bigger 
fitness value leads to more selection probability for the 
next population generation (Holland, 1975). Three 
operators named selection, crossover and mutation 
were defined for GA in which the best solution can be 
obtained by setting these operators. In the following, 

brief descriptions of them are presented summarily. 
Selection Operator: When the initial 

population is generated, it is necessary to choose some 
of them for generating next-generation named parents. 
This selection process is implemented using a 
selection operator corresponding to fitness values 
(Holland, 1975). 

Crossover operator: When parent’s 
chromosomes are defined, they should be 
compounded to produce new chromosome. This 
procedure can be done using a crossover operator to 
generate a new chromosome that has a combination of 
their parent’s genes characteristics (Holland, 1975). 
Mutation operator: Mutation is the process that 
replaces one gene with another gene to generate a new 
genetically structure. In other words, the mutation 
operator is an unexpected random change in the 
chromosome string (Holland, 1975). Fig. 4 shows a 
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brief description of GA for finding an optimal 
solution. 

 
 

Fig. 4. The summary process of GA 
 
2.4. Particle Swarm Optimization (PSO) algorithm 

 
PSO algorithm is based on birds and poultry 

behavior (Reynolds, 1987). Here, every agent tries to 
move without collision to each other and keep the 
optimal distance from other agents. At first, the simple 
model of this simulation is suggested by Eberhart and 
Kennedy (1995). 

Here, xiD, viD and PiD describe the location, 
velocity and best-visited of i th agent in dimension D. 
Also, the new velocity and agent location are updated 
as Eqs. (17-18) (Eberhart and Kennedy, 1995): 
 

     (17) 
   (18) 

 
where: w is the weight inertia, n expresses iteration 
number of algorithm, d is the problem dimension 
number, i is the particle number, N defines the total 
number of particles, c1 is the fixed coefficient with 
positive value (Cognitive parameter), and c2 is the 
fixed coefficient with positive value (Social 
parameter), r1,i,d and r2,i,d are the chance coefficients 
between [0,1]. 

Because every particle can move with the 
desired velocity and increasing or decreasing of the 
particle velocity will cause to pass the better solution 
and inappropriate exploration in the search space, the 
velocity constraint is necessary for the particle 
movements as Eq. (19) (Eberhart and Kennedy, 1995): 

 

max,
1

,min, d
n
did VVV    (19) 

 
where: 1

,
n

diV  is the new velocity of i th particle for d th 

dimension, Vd,min is the minimum velocity for d th 

dimension and Vd,max is the maximum velocity for d th 
dimension. 

According to the mentioned equations, 
particles are searching the space to find the optimal 
solution using the velocity constraint for particle 
movement at every iteration. The process is continued 
until the stop criterion is reached. Fig. 5 shows a 
concise description of PSO algorithm for finding an 
optimal solution. 
 

 
 

Fig. 5. The summary process of PSO algorithm 
 

2.5. Artificial Bee Colony (ABC) algorithm 
 
ABC algorithm is based on the social life of 

honey bee for discovering the food resource that is 
proposed by Karaboga and Basturk (2007) for solving 
the optimization problems. In this algorithm, the 
honey bee colony is assumed as the dynamic system 
and has collected information from surroundings and 
set its behavior to gather information for finding food. 
In this algorithm, bees are divided into three groups as 
employed bees (EB), onlooker bees (OB) and scout 
bees (SB) (Karaboga and Basturk, 2007). 

In this algorithm, at first, random solutions 
(food resources) are generated in which they are equal 
to the numbers of OB. Then, the objective function 
which is the amount of nectar for every food resource 
is determined. Here, the initial solution can be 
generated as Eq. (20) (Naveena et al., 2015): 

 
 (20) 

 
where: i is the food resource number, Xj,min and Xj,max 
are respectively the lowest and highest values of j th 
variable and rand is an accidental coefficient between 
[0,1]. 

Then, the new solutions can be generated for 
the next iterations of the algorithm as Eq. (21) 
(Naveena et al., 2015): 
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where, vij presents i th new food resource of j th 
variable, Φij is a chance coefficient between [0,1], and 
Xij presents j th variable of i th food resource.  
 By calculating the objective function, if a 
new answer is a better answer, it replaces with the old 
answer, otherwise, the old answer remains in the 
memory of the algorithm. Next stage of this algorithm 
is related to OB in which try to find an optimal 
solution. The OB is moving toward the food resources 
with greater probability by the gained nectar 
information of the EB. The probability is calculated as 
Eq. (22) (Naveena et al., 2015): 

 

 (22) 

where, Fitness (Si) is the fitness value of answer Si that 
is corresponding to the nectar amount of i th food 
resource and SN is the food resources number. All the 
mentioned steps are maintained until the stop criterion 
is reached and therefore the best solution is obtained 
(Naveena et al., 2015). 

Generally, in the ABC algorithm, the EB and 
the OB do the local search in the search space while 
the SB do the global search in the search space and 
therefore, the exploitation and exploration features can 
be better worked together for finding a good solution 
in this algorithm.  

Fig.6 shows the summary descriptions of the 
ABC algorithm. 

 
 

Fig. 6. The summary of ABC algorithm (Naveena et al., 2015) 
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2.6. Gravitational Search Algorithm (GSA) 

 
GSA is suggested based on the natural 

gravitation law named Newton’s gravitation law. 
Here, the explorer agents are the complex of objects 
(planets) that optimal solutions’ position attracts the 
agents to itself like a black hole. Fitness information 
of every object is stored as gravitational and inertia 
masses. Planets reciprocal effectiveness are done by 
gravitation forces and related rules (Rashedi et al., 
2009). 

Here, xi
d(t) is the dimension of i th agent in d th 

dimension at iteration t. The inserted force of i th agent 
to j th agent for d th dimension at iteration t, Fij

d(t), is 
calculated as Eq. (23) (Rashedi et al., 2009): 

 

 (23) 

 
where, G(t) is the gravitational constant at each 
iteration t, Mpi(t) and Mai(t) are respectively passive 
and active gravitational masses of i th mass at iteration 
t, Rij is the distant between two agents at iteration t, 
Rpower is the power of distance between two agents and 
ε is a tiny number. 

Finally, inserted forces on d th dimension of i 
th agent at iteration t, Fi

d(t), is equal to the summation 
of the random coefficient of forces that k superior 
agents are inserted to i th mass as Eq. (24) (Rashedi et 
al., 2009): 

 
 (24) 

 
where, kbest is the varied collection of k superior 
agents, and randj is a chance number between [0,1]. 
By calculating inserted force, the agent acceleration, 
ai

d(t), could be calculated, where, ai
d(t) is the d th 

dimension of i th agent acceleration at iteration t. 
Then, the new agent velocity and location could be 
determined as Eqs. (25-26) (Rashedi et al., 2009): 

 
  (25) 

 
   (26) 

 
where, vi

d(t+1) and vi
d(t) are the new and old velocity 

of i th agent in d th dimension at iterations (t+1) and t 
respectively, randi is an accidental coefficient 
between [0,1] and xi

d(t+1) is the new position at 
iteration (t+1). It is worth noting that here, 
gravitational constant is calculated as Eq. (27) 
(Rashedi et al., 2009): 

 

 (27) 

 
where, G0 is the initial gravitational constant, α is a 
positive number and T represent the total number of 
iterations. 

Generally, in GSA agents are evaluated, and 
their movement is determined by defining the search 
space of problem and the parameters and updating 
them over the iterations. In the following, masses and 
gravitational constant are updated, and this process 
will continue until the stop criterion is reached. Fig.7 
shows the brief descriptions of GSA for finding an 
optimal solution (Moeini et al., 2017). 

 
 

Fig. 7. The summary process of GSA (Moeini et al., 2017) 
 
3. Mathematical optimization model of cascade 
spillway design 
 

Here, the mathematical optimization model of 
the cascade spillway design problem is defined. 
Generally, every optimization problem can be 
modeled by defining decision variable(s), objective 
function and constraint(s). 

Here, step heights (Pi) and horizontal length of 
the stilling basin (Li) are the decision variables of the 
problem. For this problem, different forms of the 
objective function can be defined. In the present 
research, the objective function is defined to minimize 
the construction cost of the cascade spillway as Eq. 
(28): 

 
 

  (28) 
 

where: f is the total construction costs that consist of 
two main costs such as excavation cost (f1) and 
concrete cost (f2) in which both of them are related to 
steps height and stilling basins length. Generally, the 
total volume of excavation and concrete are calculated 
using the topography condition, height steps, and 
stilling basins length as Eq. (29-31) considering unit 
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width: 
 

 (29) 

 (30) 

 (31) 
 

where: yj is the elevation of construction side 
(topography) at point j, zzj is the elevation of stilling 
basins at point j, zj is the elevation of spillway and its 
chute at point j, yrl is the bottom elevation of 
downstream river, L is the total length of constructed 
cascade spillway, La is the allowable length for 
constructing cascade spillway, Ve1 and Ve2 are the 
excavation volumes. 

As the same way, concreting costs are 
calculated using equations as Eq. (32-34): 

 

 (32) 

 (33) 

 (34) 

 
where: Li is the horizontal length of cascade spillway 
stilling basins, Vc1 and Vc2 are the concreting volumes, 
and other parameters were defined before. 

To complete the modeling of the optimization 
problem, all constraints of this problem should be 
defined. Generally, this problem has hydraulic and 
topographic constraints as follows. In this problem, 
the summation of steps heights and raised heights at 
the end of the stilling basins should not be greater than 
total fall height as Eq. (35): 

 

 (35) 

 
where, H0 is the total fall height, P(i) is the step height 
of preceding falls, ∆zt is the raised height at the end of 
the stilling basin in terminal step, Pt is the step height 
of terminal step and ∆zp is the raised height at the end 
of the stilling basins in preceding steps. Also, first 
constraint (Eq. 35) is necessary to observe for the 
terminal step as Eq. (36): 

 
 (36) 

 
where, all the parameters were defined before. In 
addition, the horizontal length of the stilling basins 
should be smaller than allowable length as Eq. (37): 

 

 (37) 

 
When algorithms starts to find optimal 

solutions for the height of steps, P, and horizontal 
length of the stilling basin, L, a hydraulic limitation 

should be handled the solution values. Therefore, the 
minimum and maximum allowable heights for the 
steps of the cascade spillway are suggested by USBR 
criterion as follows: Pmin=30.96 m, Pmax=92.58m. 

In addition, the minimum horizontal length for 
the stilling basin was proposed by Eqs. (8-13). In 
addition, hydraulic constraints are considered for this 
problem to form a complete hydraulic jump as Eqs. 
(38-40): 

 
0)(max4  iPPg  (38) 

0)( min5  PiPg  (39) 

 (40) 

 
where, Pmax is the maximum height of the step, Pmin is 
the minimum height of the step, li,min is the minimum 
horizontal length for the stilling basin which has 
chosen by the USBR criterion and Li is the calculated 
length for stilling basins. 

Optimal design problem of cascade spillway is 
a constrained optimization problem. Generally, 
different methods are used to handle problem 
constraints. One of the usual methods is the penalty 
coefficient method. In this approach, when the 
solution is infeasible, the amount of constraints 
violation is calculated and multiplied to the fix penalty 
coefficient and summated with the original objective 
function value as Eq. (41): 
 

 (41) 

 
where, f is the original objective function value, fp is 
the penalized objective function value, CSVi is the 
summation of constraints violation for i th constraint, 
M is the penalty coefficient, and G is the total number 
of constraints. 
 
4. Case study 
 

In this paper, information of cascade spillway 
for Tehri dam in India are presented in which it was 
used as a case study. Tehri Dam is a multi-purpose 
rock and earth-fill embankment dam on the Bhagirathi 
River near Tehri in Uttarakhand, India, and its 
spillway located beside dam’s body. Tehri dam in one 
of the largest dams and the fifth tallest dams (260 m 
height) which was constructed 200 miles north east of 
Delhi and has the potential of 100 megawatts energy 
generation. In the present research, all uncertainty 
such as flood discharge design were ignored because 
of problem simplification (IRN, 2002). 

The most important information of Tehri dam 
such as the total width of the crest (w), cascade 
spillway head elevation (Elc), flood discharge design 
(Qd), crest length (Cr), bed river elevation in 
downstream (Elb), total fall height (H0), tailwater 
depth for flood design (ytd) and available horizontal 
length (La) is presented in Table 1, Fig. 8. 
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Table 1. Tehri dam information (Vittal and Porey, 1987) 

 
w (m)  Elc (m) Qc (m3/s) Cr (m)   Elb (m) H0 (m) ytd (m) La (m) 

95 818 11000 80 600 218 29.2 778 
 

 
 

Fig. 8. The Tehri dam plan (Vittal and Porey, 1987) 
 
5. Results and discussion 
 

Here, all the obtained results are presented and 
compared with each other to evaluate the effectiveness 
and robustness of proposed method. At first, the 
cascade spillway is designed using the VP method. 
The only allowable conditions for the specified 
cascade spillway are three and four-stepped conditions 
because hydraulic jump has formed in stilling basins 
completely (the hydraulic constrains have been 
satisfied) and constructed total length is smaller than 
allowable length. The obtained parameters values are 
presented in Table 2 using VP method. 

In both conditions, the horizontal length of 
terminal step chute (xt) and the horizontal length of 
stilling basins in the terminal step (Lt) are 49.16m and 
125.04m, respectively. The excavation costs are 
23100 units per cubic meter, and the concreting costs 
are 180000 units per cubic meter. Therefore, the total 
construction costs are 1094 and 1194 million units 
considering three or four stepped conditions 
respectively using the VP method. 

The algorithms have many parameters in which 
the sensitivity analysis should be done to obtain the 
best values of them in which the details are not 
presented here to avoid lengthy paper. All the 
algorithms have been solved using 100,000 function 
evaluation. All the results such as the minimum, 
maximum and average solution cost values (million 
units), normalized standard deviation (StdN) and the 
number of feasible solutions (NFS) in 10 runs are 
presented in Table 3 and Table 4 for three and four 
steps conditions, respectively. Fig. 9 and Fig. 10 show 
the convergence curve of the minimum solution cost 

values obtained using four algorithms for both 
conditions (population=25 and iteration=400). 

In the following, calculated dimensions of the 
cascade spillway and stilling basins for the best 
solution of each used algorithm at three and four-
stepped conditions are presented in Table 5. In this 
Table, Pi is the height steps, Li is the horizontal length 
of stilling basins, xi is the horizontal length of cascade 
spillway chute, and ∆zi is the raised height of 
preceding steps and the sinking height of the terminal 
step. Also, all GSA’s, PSO’s and ABC’s obtained 
results are better than GA’s results in both three-
stepped and four-stepped conditions.  

When the three-stepped condition is 
considered, the best solution of GSA, PSO, and ABC 
are improved with respectively 0.3%, 1.8% and 1.7% 
than the best solution of GA. Furthermore, when the 
four-stepped condition is considered, the best solution 
of GSA, PSO and ABC are improved with 
respectively 1.9%, 2.3% and 1.8% than the best 
solution of GA. In addition, for both three and four-
stepped conditions best results are obtained using PSO 
algorithm due to the better interaction of exploitation 
and exploration features. 

Finally, the comparison of the results presented 
in Table 3 and Table 4 shows that when the three-
stepped condition is considered, the best solution cost 
values of GA, GSA, PSO and ABC algorithms are 
improved with respectively 16.16%, 16.4%, 17.7% 
and 17.63% than VP results. In the same manner, 
when the four-stepped condition is considered, the 
best solution cost values of GA, GSA, PSO and ABC 
algorithms are improved with respectively 14.5%,  
16.1%, 16.45%  and 16.05  %than VP results. 
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Table 2. Parameters values Tehri spillway using VP method 
 

N Pp(m) xp(m) Li(m) ∆zp(m) L(m) 
3 93.55 58.15 175.39 17.8 641.28 
4 65.75 48.06 156.61 15.25 788.20 

 

Table 3. The obtained results for three-stepped condition using all proposed algorithms 
 

Algorithm Population Iteration NFS  Minimum costs 
Maximum 

costs
Average 

Costs 
StdN 

 
 
 
GA 

 

25 4000 10 1001 1054.9 1023.8 0.0219 
50 2000 10 1001 1063.8 1030.4 0.0208 

100 1000 10 1006.5 1062 1028.1 0.0190 
200 500 10 1008.7 1031.2 1016.7 0.0079 
250 400 10 1004.4 1034.6 1022.8 0.0097 

 
 

GSA 
 
 

25 4000 10 998.2 1013.7 1006.6 0.0047 
50 2000 10 1013.1 1037.5 1027.1 0.0081 

100 1000 10 1028.9 1049.1 1038.4 0.0069 
200 500 10 1028.4 1063.8 1052.2 0.0126 
250 400 10 1041.9 1065.9 1058.9 0.0073 

  
  

PSO 

25 4000 10 983.2 1027 1013 0.0186 
50 2000 10 982.7 1031.1 1006.9 0.0232 

100 1000 10 983.5 1065.5 1009.3 0.0305 
200 500 10 983.3 1070 1016.4 0.0348 
250 400 10 983.3 1033.8 1008.1 0.0253 

  
ABC 

25 4000 10 983.5 994 984.5 0.0031 
50 2000 10 985.6 1005 989.3 0.0059 

100 1000 10 984.4 987 985.4 0.0010 
200 500 10 987.2 999.7 993.1 0.0038 
250 400 10 985.8 991.6 987.6 0.0023 

 

Table 4. The obtained results for four-stepped condition using all proposed algorithms 
 

Algorithm Population Iteration NFS  
Minimum 

costs
Maximum 

costs
Average 

Costs 
StdN 

GA 

25 4000 10 945.5 1002.5 971.4 0.0210 
50 2000 10 935.4 1009.4 967.8 0.0217 

100 1000 10 945.5 1010.9 963.7 0.0192 
200 500 10 939.8 1003.9 963.4 0.0183 
250 400 10 937.5 975 955.5 0.0146 

GSA 

25 4000 10 918.4 956.8 937.7 0.0149 
50 2000 10 920.5 955 934.2 0.0145 

100 1000 10 918.1 940 928.8 0.0075 
200 500 10 917.9 950.4 934 0.0100 
250 400 10 921.2 952.5 935 0.0107 

PSO 

25 4000 10 914 992 942 0.0339 
50 2000 10 918.2 1007 959.9 0.0305 

100 1000 10 918.2 1004.1 957.1 0.0275 
200 500 10 914.3 1010.6 938.5 0.0351 
250 400 10 916.5 998.3 962.8 0.0301 

ABC 

25 4000 10 920 967 939.1 0.0148 
50 2000 10 918.8 950.6 932.3 0.0126 

100 1000 10 922.4 974.9 939 0.0160 
200 500 10 918.4 961.9 936.5 0.0151 
250 400 10 927.5 981.9 942.9 0.0184 

 
6. Conclusions 

 
In the present study, four meta-heuristic algorithms 
named GA, GSA, PSO and ABC were used to 
minimize the construction cost of the cascade spillway 
which includes excavation and concrete costs. The 
cascade spillway of Tehri dam in India was selected as 
the case study. Here, at first, the mathematical 
formulation was presented and solved using a 
traditional method such as VP method and the meta-

heuristic algorithms. Comparison of the obtained 
results showed that VP method was not an effective 
method to solve this problem and only can find sub-
optimal solutions using this method. In addition, in VP 
method, when three steps was considered, the total 
length of constructed cascade (788.2 m) did not satisfy 
the total available length (La=778 m).  

This fact motivated the author to use meta-
heuristic algorithms due to unique feature of these 
algorithms. 
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Fig. 9. Convergence curve of the solution obtained using proposed algorithms for three-stepped condition 
 

 
 

Fig. 10. Convergence curve of the solution obtained using proposed algorithms for four-stepped condition 
 

Table 5. The dimensions of cascade spillways obtained using proposed algorithms 
 

State Algorithms Step number Pi (m) Li (m) xi (m) ∆zi (m)

3 steps 

GA 
1 68.10 293.95 48.96 15.84 
2 92.37 185.81 57.74 17.69 
3 92.40 133.79 57.74 2.06 

GSA 
1 73.84 300.65 51.16 16.05 
2 86.90 176.77 55.86 17.23 
3 92.24 134.39 57.69 2.06 

PSO 
1 68.08 305.83 48.96 15.48 
2 92.40 173.90 57.74 17.70 
3 92.40 133.79 57.74 2.06 

ABC 
1 68.15 304.89 48.98 15.49 
2 92.33 173.93 57.72 17.69 
3 92.40 133.97 57.74 2.06 

4 steps 

GA 

1 38.94 135.10 36.20 11.92 
2 59.38 153.87 45.47 14.55 
3 78.80 166.46 52.98 16.52 
4 85.56 131.37 55.39 2.06 

GSA 

1 30.93 136.92 31.96 10.62 
2 59.77 152.80 45.63 14.60 
3 78.35 165.14 52.82 16.48 
4 92.40 134.01 57.74 2.06 

PSO 
1 30.90 142.41 31.95 10.61 
2 45.11 140.63 39.19 12.80 
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3 92.40 173.60 57.74 17.70 
4 92.40 134.05 57.74 2.06 

ABC 

1 30.90 132.18 31.94 10.61 
2 56.27 156.43 44.17 14.20 
3 81.75 167.06 54.05 16.78 
4 92.40 133.68 57.74 2.06 

Using these algorithms leads to near optimal 
solution with allowable computational time and cost. 
Comparison of the results showed that the obtained 
algorithm’s results have been considerable improved 
rather than VP results due to efficient interaction 
between exploration and exploitation mechanisms of 
each algorithm. In addition, to evaluate the 
performance of the algorithms, the results of 
algorithms were compared to each other. 

Comparison of the results showed the 
efficiency and affectivity of meta-heuristic algorithms 
to solve highly constrained large scale optimization 
problems. Finally, for future works, this approach can 
be used for other types of spillways and new meta-
heuristic algorithms can also be used to solve this 
problem. In addition, some model limitation can 
improved by adding some uncertainty issues such as 
variable design discharge.  

Furthermore, other objective function can be 
used for this problem and multi objective form of the 
problem can be defined. 
 
References 
 
Aal G.M.A., Sobeah M., Helal E. and El-Fooly M., (2017), 

Improving energy dissipation on stepped spillways 
using breakers, Ain Shams Engineering Journal, 9, 
1887-1896. 

Afshar M.H., Daraeikhah M., (2010), Costs minimizing of 
cascade spillway using Genetic Algorithm in large 
dams, Modares-civil journal, 10, 79-86. 

Afshoon H.R., Kamanbedast A.A., Masjedi A.R., 
Heidarnejad M., Bordbar A., (2019), Investigation of 
energy loss in step-spillway with obstacles on the step 
using physical and Flow-3D model, Journal of Water 
and Soil Conservation, 26, 137-156. 

Bakhtyar R., Mousavi S.J., Afshar A., (2007), Dynamic 
Programming approach to optimal design of cascade 
stilling basins, Journal of Hydraulic Engineering, 133, 
949-954. 

Barani G., Rahnama M., Sohrabipoor N., (2005), 
Investigation of flow energy dissipation over different 
stepped spillways, Journal of Applied Sciences, 5, 878-
882. 

Bozorg Haddad O.B., Sharifi F., Naderi M., (2005), 
Optimum Design of Stepped Spillways using Genetic 
Algorithm, Proc. of the 6th WSEAS Int. Conf. on 
Evolutionary Computing, Lisbon, Portugal, 325-331, 
On line at: 
https://pdfs.semanticscholar.org/83fb/9b27b5fa9d0969
5bc20d2f058b17fa999cfc.pdf 

Bozorg Haddad O.B., Mirmomeni M., Mariño M.A., (2010), 
Optimal design of stepped spillways using the HBMO 
algorithm, Civil Engineering and Environmental 
Systems, 27, 81-94. 

Brown E.T., (2017), Reducing risks in the investigation, 
design and construction of large concrete dams, Journal 
of Rock Mechanics and Geotechnical Engineering, 9, 
197-209. 

Buffi G., Manciola P., De Lorenzis L., Cavalagli N., 
Comodini F., Gambi A., Gusella V., Mezzi M., 
Niemeier W. and Tamagnini C., (2017), Calibration of 
finite element models of concrete arch-gravity dams 
using dynamical measures: The case of Ridracoli, 
Procedia Engineering, 199, 110-115. 

Castillo L.G., Carrillo J.M., (2017), Comparison of methods 
to estimate the scour downstream of a ski jump, 
International Journal of Multiphase Flow, 92, 171-180. 

Chen W., Nover D., He B., Yuan H., Ding K., Yang J. and 
Chen S., (2018), Analyzing inundation extent in small 
reservoirs: A combined use of topography, bathymetry 
and a 3D dam model, Measurement, 118, 202-213. 

Chinnarasri C. and Wongwises S., (2006), Flow patterns and 
energy dissipation over various stepped chutes, Journal 
of Irrigation and Drainage Engineering, 132, 70-76. 

Eberhart R., Kennedy J., (1995), A New Optimizer using 
Particle Swarm Theory, MHS'95. Proc. of the Sixth Int. 
Symp. on Micro Machine and Human Science, Nagoya, 
Japan, 39-43. 

Elrehim M.Z.A., Eid M.A., Sayed M.G., (2019), Structural 
optimization of concrete arch bridges using Genetic 
Algorithms, Ain Shams Engineering Journal, 10, 507-
516. 

Frizell K.W., Renna F.M., Matos, J., (2012), Cavitation 
potential of flow on stepped spillways, Journal of 
Hydraulic Engineering, 139, 630-636. 

Garg H., (2014), Solving structural engineering design 
optimization problems using an artificial bee colony 
algorithm, Journal of Industrial and Management 
Optimization, 10, 777-794. 

Garg H., (2015), An efficient biogeography based 
optimization algorithm for solving reliability 
optimization problems, Swarm and Evolutionary 
Computation, 24, 1-10. 

Garg H., (2016), A hybrid PSO-GA algorithm for 
constrained optimization problems, Applied 
Mathematics and Computation, 274, 292-305. 

Garg H., (2019), A hybrid GSA-GA algorithm for 
constrained optimization problems, Information 
Sciences, 478, 499-523. 

Holland J.H., (1975), Adaptation in Natural and Artificial 
Systems, MIT Press, Cambridge Massachusetts. 

Hosseini K., Nodoushan E.J., Barati R., Shahheydari H., 
(2016), Optimal design of labyrinth spillways using 
meta-heuristic algorithms, KSCE Journal of Civil 
Engineering, 20, 468-477. 

IRN, (2002), Tehri Dam fact sheet, International Rivers 
Network, On line at: 
https://www.internationalrivers.org/resources/tehri-
dam-2666. 

Karaboga D., Basturk B., (2007), A powerful and efficient 
algorithm for numerical function optimization: artificial 
bee colony (ABC) algorithm, Journal of Global 
Optimization, 39, 459-471. 

Latchoumi T.P., Balamurugan K., Dinesh K., Ezhilarasi 
T.P., (2019), Particle swarm optimization approach for 
waterjet cavitation peening, Measurement, 141, 184-
189. 

Latif M.A., Saka M.P., (2019), Optimum design of tied-arch 
bridges under code requirements using enhanced 



 
Jazayeri and Moeini/Environmental Engineering and Management Journal 19 (2020), 4, 687-700 

 

 700

artificial bee colony algorithm, Advances in 
Engineering Software, 135, 102685. 

Mahanipour A., Nezamabadi-pour H., (2019), A multiple 
feature construction method based on gravitational 
search algorithm, Expert Systems with Applications, 
127, 199-209. 

Mero S., Mitchell S., (2017), Investigation of energy 
dissipation and flow regime over various forms of 
stepped spillways, Water and Environment Journal, 31, 
127-137. 

Moeini R., (2019), Ant intelligent applied to sewer network 
design optimization problem: using four different 
algorithms, Environmental Engineering and 
Management Journal, 18, 957-971. 

Moeini R., Soltani-Nezhad M., Daei M., (2017), 
Constrained gravitational search algorithm for large 
scale reservoir operation optimization problem, 
Engineering Applications of Artificial Intelligence, 62, 
222-233. 

Naveena S., Malathy S., Saranya D., Kumar DR., (2015), An 
Improved Artificial Bee Colony (IABC) Algorithm for 
Numerical Function Optimization, International 
Journal on Application of Information and 
Communication Engineering, 1, 13-17. 

Patwal R.S., Narang N., Garg H., (2018), A novel TVAC-
PSO based mutation strategies algorithm for generation 
scheduling of pumped storage hydrothermal system 
incorporating solar units, Energy, 142, 822-837. 

Rashedi E., Nezamabadi-Pour H., Saryazdi S., (2009), GSA: 
a gravitational search algorithm, Information Sciences, 
179, 2232-2248. 

Reynolds C.W., (1987), Flocks, herds, and schools: a 
distributed behavioral model, Computer Graphics, 21, 
25-34. 

Roushangar K., Akhgar S., Salmasi F., Shiri J., (2014), 
Modeling energy dissipation over stepped spillways 
using machine learning approaches, Journal of 
Hydrology, 508, 254-265. 

Shahheydari H., Jafari Nodoshan E., Barati R., Azhdari 
Moghadam M., (2014), Discharge Coefficient and 
Energy Dissipation over Stepped Spillway under 
Skimming Flow Regime, KSCE Journal of Civil 
engineering. Water Engineering, 1, 1-9. 

Soghrati F., Moeini R., (2020), Deriving optimal operation 
of reservoir proposing improved artificial bee colony 
algorithm: standard and constrained versions, Journal 
of Hydroinformatics, 22, 263- 280. 

Tabari M.M.R., Tavakoli S., (2016), Effects of stepped 
spillway geometry on flow pattern and energy 
dissipation, Arabian Journal for Science and 
Engineering, 41, 1215-1224. 

USBR, (1985), Hydraulic design of stilling basins and 
bucket energy dissipaters, Engineering Monograph, 
No.25, U.S. Dep of Interior, Bureau of Reclamation 
Denver, On line at: 
https://www.usbr.gov/tsc/techreferences/hydraulics_la
b/pubs/EM/EM25.pdf. 

Vittal N., Porey P.D., (1987), Design of cascade stilling 
basins for high dam spillways, Journal of Hydraulic 
Engineering, 113, 225-237. 

Wang Y., Jia J., (2017), Experimental study on the influence 
of hydraulic fracturing on high concrete gravity dams, 
Engineering Structures, 132, 508-517. 

Wang S., Liu Y., Zhou H., Zhang Y., Wu Z. and Yang Q., 
(2019), Experimental study on failure process of arch 
dam based on acoustic emission technique, Engineering 
Failure Analysis, 97, 128-144. 

 



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.4
  /CompressObjects /Tags
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /CMYK
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments true
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile ()
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /BGR <>
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e9ad88d2891cf76845370524d53705237300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc9ad854c18cea76845370524d5370523786557406300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /DEU <>
    /ESP <>
    /ETI <>
    /FRA <>
    /GRE <>

    /HRV (Za stvaranje Adobe PDF dokumenata najpogodnijih za visokokvalitetni ispis prije tiskanja koristite ove postavke.  Stvoreni PDF dokumenti mogu se otvoriti Acrobat i Adobe Reader 5.0 i kasnijim verzijama.)
    /HUN <>
    /ITA <>
    /JPN <FEFF9ad854c18cea306a30d730ea30d730ec30b951fa529b7528002000410064006f0062006500200050004400460020658766f8306e4f5c6210306b4f7f75283057307e305930023053306e8a2d5b9a30674f5c62103055308c305f0020005000440046002030d530a130a430eb306f3001004100630072006f0062006100740020304a30883073002000410064006f00620065002000520065006100640065007200200035002e003000204ee5964d3067958b304f30533068304c3067304d307e305930023053306e8a2d5b9a306b306f30d530a930f330c8306e57cb30818fbc307f304c5fc59808306730593002>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020ace0d488c9c80020c2dcd5d80020c778c1c4c5d00020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /LTH <>
    /LVI <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die zijn geoptimaliseerd voor prepress-afdrukken van hoge kwaliteit. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SKY <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /UKR <>
    /ENU (Use these settings to create Adobe PDF documents best suited for high-quality prepress printing.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /ConvertToCMYK
      /DestinationProfileName ()
      /DestinationProfileSelector /DocumentCMYK
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice




